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Abstract— The data mining technique in this work that is
subjugated by taking out the repeated re-occurrences among
data items is frequent item set mining. The items in the many
applications are enhanced with weights which denote the
significance in the explored data and push the weights of items to
the mining process. The distinct feature in this work includes
mining of frequent item sets, that has been an essential part of
data analysis and data mining. The method specifically reports
the difficulty of the item sets that are provided with respective
weights from data augmented source which has pre-assigned
weights. Disparate this has focus on the planning a parallel and
distributed method that is capable to handle with the major
weighted datasets. The proposed system provides a mining
method with items that is provided with weights that is centered
on the map reduce standard. To determine its action and
scalability, the suggested method was verified with actual larger
datasets. This project profits e-commerce customers, where
companies may consider as interesting to effort preferment and
publicizing, market basket study, census data exploration, and
text summarization
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INTRODUCTION

The current architecture deals with large amount of data
due to the fast advancement of the industrial technologies
which leads to extensive, assorted and rapid data storage that
is difficult to handle. This includes planning and promotions
of commercial companies necessitate stock up and know the
items that are purchased by the customer. To support this there
exist a need for the big data gathering Data Mining solutions
including clustering algorithms and classification algorithms
that gauge towards big data. The frequent data mining is a data
mining technique which is used to determine correlation
among data items. It include mining algorithm that push items
into the mining process these items are based on the
significance weight each item set and considered as particular
local significance that is associated with it. This technique had
found applications in market basket analysis, census data

B. Objective

To collect the weighted data set from the provided source such
as Amazon, Flip kart etc, and to provide weight to each items.
To store the items into the HDFS directory for mining
purpose. To prepare the data for removing duplicate rows in
the weighted item set and to filter the data. To calculate the
average weighted support value by partial mining and based

analysis. This work includes large scale-scale item set mining
that scale towards the large datasets and include parallel and
distributed item set mining. The weighted item set mining
includes association rules that are enriched with weights
indicating the item significances. Each item in the transaction
database contains many components and most of the
association rules do not consider few components such as
quantity.

A. Statement of problem

The data that is collected from the large transaction dataset
contains the review of items that are purchased by the
customer and includes duplicate entry of same items that are
purchased this leads to the slowdown of the entry of items that
are sold out at high rate which leads to reduce in the ordering
of stock. This can be easily achieved by providing weights to
the items and map reduce approach is used to remove
duplicates and filter the dataset. AW-SUP values are
calculated based on the item set ranking. The values with
highest AW-SUP will be ranked first. This work addresses to
the extracting frequent item set from the large datasets. Many
of the in-memory algorithms do not provide equivalent and
dispersed solution for above given process, to overcome this
parallel weighted miner for each item set is introduced which
relies on parallel and distributed implementation running on
hadoop. The above process is made scalable by Map Reduce
model that is introduced. This model can process large
datasets this also provides many map functions producing
many item sets with key-value pairs.and reduce function
combines the values associated with the same intermediary
key.

on this the items are ranked the items with highest AW-SUP
values will be given the first priority.

This work propose Parallel Weighted Item set miner, a new
parallel and distributed framework to extract frequent
weighted item sets from potentially very large transactional
datasets enriched with item weights.
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The framework relies on a parallel and distributed-based
implementation running on an Hadoop cluster. To make the
mining process scalable towards Big Data, most analytical
steps performed by the system are  mapped to the Map
Reduce programming paradigm.

Il BACKGROUND

The mining process includes a large-scale item set
mining and weighted item set mining which include Frequent
item set and association rule mining are broadly trial data
mining methods which were first introduced in the large-scale
item set mining. Many of the parallel and distributed item set
mining approaches are used to move towards larger datasets,
for this purpose an Apriori-based mining is used. The Aprori-
based approach provides less scalability when compared to the
other algorithms such as projection-based on the larger
datasets. In the traditional item set mining tasks the items
fitting to each and every transaction of the datasets are
considered equally which then addresses to the association
rules this is the technique used to determine the customer
purchasing details from the transaction datasets that fulfills
assurance and self-confidence.

I1l.  LITERATURE SURVEY

The data that is accessed from the search engines used
to process some tera bytes of data this data is complex to cope
up with because of high speed and heterogeneous in nature
developed by D. Agrawal, S.Das and A.EIl Abbadi [1] the
Database management systems that comprise update intensive
application workloads and decision support systems that are
used for the explanatory and deep analytics are a significant
part of the cloud infrastructure provides many transactions
from traditional systems to the next generation cloud. This
includes the systems for supporting larger applications and for
ad-hoc analytics and decision support, since the database
management comes up with many challenges as above. This
work includes system analysis in detail and also to fall into

place of designing the choices in the larger database systems.

The data that is copied by the analysts has the need for
the data mining solutions in studying and analyzing the
weighted and un weighted item set mining process developed
by H. T. Lin and V. Honavar [7] the appearance of many data
that is linked together physically distributed and in parallel
maintained RDF stores provides unparalleled opportunity for
predictive modeling and knowledge discovery from the above

provided data. Nevertheless the existing machine learning
methods are inadequate in their applicability because it is
neither attractive nor feasible to bring the data in a centralized
location analyze in terms of the access, memory, bandwidth,
computational restrictions, privacy and confidentiality
constraints.

The RDF data store brings in arithmetical query based
formulations of several representative algorithms. It introduces
a dispersed learning framework that form a chain by the
interlinked data store. This work also includes novel
applications of metric reconstruction technique and also
provides data fragmentations.

The data mining technique used in this work is the
frequent item set mining  which has applications in the
customer transactions developed by R. Agrawal, T. Imielinski,
and Swami [5] this work includes the different transactions
made by the customers in the larger transaction databases
where each transaction consists of items purchased by a
customer in a visit. It also presents an efficient algorithm that
generates all sign cant association rules between items in the
database that incorporates buffer management and novel
estimation and pruning techniques where the above algorithm
is applied to the large retailing company having the sales data
that gives effectiveness to the algorithm.

IV. PROPOSED SOLUTION

The Map Reduce standard is used where each and
every item in the transaction database is provided with
respective weights that indicates the particular ratings to every
item that are purchased by the customer.

The source data is prepared by acquiring the data that
is enriched with the weight is then transferred to the mining
process using technique called as data filtering and the result
of this is stored in the HDFS data repository. The weighted
item set mining the frequent weighted and un weighted item
sets are extracted from the prepared datasets this is based on
parallel and distributed item set mining which run on the
hadoop cluster.

The item set ranking process the outcome of the
weighted and un weighted item set mining and these are
compared with each other and best pattern is selected based
on a new quality measure which combines traditional with
weighted support counts.
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Fig.1. Weighted item set mining architecture

FIG 1 shows the overview of weighted item set mining
architecture where the user uploads the review to the HDFS
directory which consist of blocks that performs file system
maintenance. The HDFS directory consists of weighted and un
weighted datasets, weighted item sets indicates average level of
interest of items within each transaction. The items will be
ranked by comparing weighted and un weighted results and
then it is parallel retrieved by the user then it is mapped to the
result set.

A. Sign in module

The user sign in to the larger dataset in the mining process
with the username and the password only after successful
login he or she perform the required operations.

B Sign-up module

The user has to register his or her details in the cloud
database with the name, password, email-id etc before his or
her login.

C. User module

After the successful login the user can insert, generate and
upload the data where the source data is prepared by acquiring
the data that is enriched with the weight is then transferred to
the mining process.

D. Cloud module

This module has the data server where user can perform
the basic operation and weighted and un weighted item sets
are extracted from the prepared datasets and best one is
ranked..

E. Insert data module

In this module the required data will be selected by the
user and these selected items will be inserted into the HDFS
directory for the mining process.

F. Big Fim algorithm

e Stepl:
First collect the data sets from
transaction database.
e Step 2:
Select the required data from datasets.
e Step3:
Store the dataset with the provided
weights.
o Step4:
The mapping part will be introduced in
mining.
e  Step5:
Search the parallel items in datasets.
e  Step6:
In reducing part we can change the
result.

The Big Fim algorithm works as follows here the users
collect the data sets from transaction data sets and then the user
uploads the review in to the HDFS directory this consists of
weighted and un weighted item sets, the weighted item sets
will be ranked by comparing the results of item sets. The
mapping part will search the parallel items in the data sets then
it will be mapped to the result set.

V. Parallel Weighted item set mining from larger
datasets

The Parallel Weighted item set miner is the technique
used to study item weights here the data with item weights that
are acquired and transformed to mining process using data
filtering technique this result will be stored in HDFS directory.
In the weighted item set mining process all the weighted and
un weighted items are extracted from prepared datasets. These
items are ranked by comparing the weighted and un weighted
item sets with each other and the most interesting patterns are
selected based on the new quality measure.

A. Data prepation

This step entails preparing data to the subsequent
item set mining process the data is acquired, stored in the
transactional dataset, and provided with item weights. consider
dataset that is given in Table 1, that consists of transaction
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that are made by the customers. Here A,B, C, D, E denotes the
items that are purchased by the customer

Customerid Items purchased
1 A B C
2 A,B,D
3 A B, C
4 ABD
=] AE D

Table I. Un weighted datasets

B. Weighted item set mining

This step shows mining frequent weighted item sets
from the prepared weighted dataset. . A weighted item is a
pair of < item, weight > where each item is associated with
weight Table Il shows customer with id 1 rated item A as 3,
item B as 1, and item C as 5. The traditional support value of
an item set in a transactional dataset is given by its frequency
of occurrence in the source dataset the {A, B } is an item set
indicating the co occurrence of items A and B . If we
disregard item weights, this item set has a support equal to 4 in
Table | because it occurs in four out of five transactions, this
shows that most of users purchased items A and B together. If
we disregard item weights, this item set has a support equal to
4 in Table I because it occurs in four out of five transactions,
mean that most of the users purchased items A and B together.

TABLE II.weighted datasets

Customerld | Items purchased and its ratings
1 <A, 3> <B,1> <C,5>

2 <A, 2> <B, 2= <D,2>

3 <A, 4> <B, 2> <E,5>

4 <A, 3> <B, 3> <D, 2>

5 <A, 2> <E, 3= <(, 3>

C. Item set ranking

The item sets mined from Big data is practically
unfeasible. This step focuses on ranking the mined item sets
according to their level of significance in the analyzed data.
To filter and rank the mined item sets, the support measure is
the most commonly used quality index . To cope with
weighted data, for each candidate item set the weighted item
set system computes both the traditional and weighted support
measures. While the traditional support value indicates the
observed frequency of occurrence of the considered

combination of items in the source dataset, in weighted
support counting item set occurrences are weighted by the
least item weight . The item sets are selected by combining the
weighted and traditional support measure in a new measure
called average weighted support.

VI. RELATED WORKS

Parallel Database management system aims at this debate
by presenting an analysis of the advantages and disadvantages
of the different approaches. The deep analytics include the new
class of data applications such as complex statistical analysis
and machine learning techniques on huge amount data to
garner intelligence from data. Scalable data management focus
on class of systems that are designed to update heavy web-
applications deployed in the cloud.

The emergence of many interlinked, physically distributed,
and autonomously maintained RDF stores such as the cloud
offers unprecedented opportunities for predictive modeling and
knowledge discovery from such data. However existing
machine learning approaches are limited in their applicability
because it is neither desirable nor feasible to gather all of the
data in a centralized location for analysis due to access,
memory, bandwidth, computational restrictions, and sometimes
privacy or confidentiality constraints.

VII. CONCLUSION

The above proposed schema provides distributed and
parallel approach for the crisis of retrieving items that are
common in dataset and these items will be provide with
particular ranks based on these ranks the items will be
prioritized, these ranks are used to know which item will be
sold quickly from the stock so that items can be ordered. The
items with higher average support will be given the first
priority. The mining association rule that is running on the
hadoop cluster handles mining in the large datasets, the
parallel mining provides the heterogeneity on the hadoop
cluster provides progressive in the hardware by increasing the
efficiency of the cache and also increases the system
efficiency by data placement in hadoop clusters.
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